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Abstract: As an efficient semantic model, ontology is widely used in various fields of engineering science, and the core of the ontology

algorithm is semantic similarity calculation. The ontology similarity calculation via sparse vector is a strategy which can be used for high-

dimensional data and big data processing. So the ontology sparse vector calculation algorithm nonlinear framework is considered, and the

corresponding iteration strategy is obtained by using squared loss function to express the error term and calculating the proximal gradient.

Lastly, two experiments are described to show the efficiency of ontology sparse vector learning algorithm for ontology similarity computa-

tion and ontology mapping in specific engineering applications.
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